ETHzurich

Parallel Sparse Deep Learning Operators
on Lightwelght RISC-V Processors

Marco Bertuletti!, Tim Fischer!, Yichao Zhang!, Luca Beninil2
lintegrated Systems Laboratory, ETH Zurich; “Universita di Bologna, Italy;

1. The Snitch 3x TCDM Port (32bit)
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2. Parallelization of Sparse kernels
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3. Sparse kernels speedup SW Implementation of Sparse kernels:
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