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Basic operations

SAXPY Reduce Vector Add MatMul
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Speed-up
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Vectorization process
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CNN MODELS PERFORMANCE
Model Loss Precision Size (MB)
MobileNet 0.6398 0.8482 16.8 AutoVector - Vector
InceptionV3  0.8622 0.8502 86.1
VGG16 0.5807 0.8582 512
U-Net 0.1651 0.6874 51.1

Autovectorization

CNN Results

e Canaan MV-K230 & Banana Pi BPI-F3 e Compilers auto-vectorization works!
e GCC autovec/RVV-1.0/ 128, 256 VLEN e Sweet point for VLEN, LMUL, Caches?
e [F/ ONNX on GNU/Linux

Speed-up Intrisics vs Autovectorization Gcc vi14, LMUL=2, FP32, VLEN=256
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