HWFuzz: An FPGA-Accelerated FuzzingFramework for
Efficient RISC-V Verification
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Vision & Value
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Our solution:
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Platform: Fidus Sidewinder board
« with a Xilinx Zyng UltraScale+ XCZU19EG
FPGA and two 16GB DDR4 memories.

Figure 2: The overall architecture of our proposed method.

Stimuli Constraints
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